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ABSTRACT

This paper examines the effects of mergers and acquisitions (M&A) on acquirers’ betas
in order to draw conclusions about what happens to such betas after the completion of M&A
deals. Perhaps surprisingly, I find that acquirers’ post-deal betas do not reflect the weighted

average of pre-deal acquirer and target betas, but rather, appear to overweight target firms’ betas.
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Chapter 1

Introduction

Since its conception in the late 1950s, the concept of systematic risk measured through
beta (B) has been imperative to the pricing of all financial instruments. This pricing mechanism
becomes especially important in the event of a merger or acquisition, given the relative size and
complexity of the assets involved. However, as noted by Hackbarth and Morellec, the asset
pricing implications of M&A deals have not been widely investigated. It has been widely taught
among the academic community that following an acquisition, firm-level betas should be
calculated as a weighted average of the two standalone companies on the basis of some
exogenous factor, typically enterprise value. However, there is very little empirical evidence to

support this widely-held claim.

Empirical evidence produced by Hackbarth and Morellec’s model shows a clear run-up
(run-down) in the beta of the bidding firm prior to the announcement of a merger followed by a
clear drop (rise) in beta at the time of announcement when the acquiring firm has a higher
(lower) beta than its respective target. While this evidence provides insight on the behavior of
standalone betas in the time surrounding mergers and acquisitions, the evidence does not analyze
any potential differences between the expected theoretical beta of the combined firm and the

actual empirical beta of said firm following the merger of two standalone companies. This paper

1 Stock Returns in Mergers and Acquisitions (2008) by Dick Hackbarth and Erwan Morellec investigates
stock returns surrounding mergers and acquisitions and corresponding firm-level betas through a real options model.



challenges the validity of the commonly-held notion that the systematic risk or beta of a
combined firm is a weighted average of the two standalone companies with respect to the

exogenous factor, enterprise value.

In chapter 2 of this paper, | analyze the contribution of this study to the understanding of
beta as a measure of systematic risk through the capital assets pricing model, as well as its

relation to mergers and acquisitions. This will lay the foundation for my calculations.

In chapter 3, | address the data set used and the observations that were included in the
regression analysis. Furthermore, | discuss the specifics of each calculation, and outline some of

the variables that were controlled for within the dataset.

Chapter 4 serves to show the end results of my regression analysis, and presents the

interpretation of this data to analyze the underlying hypothesis.

Chapter 5 offers concluding remarks and further highlights contributions of this study to

the academic community of finance.



Chapter 2

Background

The primary purpose of this paper is to contribute to existing literature about expected
returns surrounding M&A activity and to further investigate the effects that systematic risk have

on future expected returns. In 2019, there were ~13,000 M&A deals within the United States.

Number of merger and acquisition transactions in the United States in 2019, by deal

value

Figure 2-1: M&A Deals

Source: Stata

There have been numerous empirical studies within the academic community on the
motives behind M&A activity, the success and failure of M&A activity, and other factors
surrounding the subject. Yet, there has been very little evidence that one specific factor (i.e.
payment method, synergistic opportunity, previous acquisition experience, etc.) can be acclaimed

as a strong determinant of M&A success (King, Dalton, Daily, and Colvin 2004). Even less



understood are the pricing implications that these deals have on excess returns and the
implications that they have on the systematic risk profiles of the firms involved. While it is
widely taught among academics that post-merger betas should be a weighted average of the two

standalone firms proportionate to size, this has not been explored empirically.

This paper aims to focus specifically on the changes in firm-level beta that are observed
among the standalone firms and the combined firm in the pre-merger and post-merger phases
(Appelbaum et. al. 2000a, 2000b). Note that there are several conflicting theories surrounding
the phases of M&A. Most notably, Boland (1970) divides the M&A process into 2 phases, pre-
merger and post-merger. However, this does not account for the period in-between the
announcement and the closing of the merger. For this study, | exploit the equity returns of U.S.
firms involved in mergers and acquisitions in order to assess the effects that such deals have on

acquiring firms’ systematic risk.

| believe that this paper contributes to existing literature in several ways. First, it is one of
the only papers to my knowledge that compares the beta of a combined firm following the
closing of a merger to that of the two standalone firms. Many papers have investigated abnormal
returns for different time windows surrounding M&A deals (Andrade, Mitchell, & Stafford
2001, Swaminathan, Murshed, & Hulland 2008, Aintablian & Roberts 2005, Scholtens & Wit
2004, Athanasoglou, Asimakopoulos, & Georgiou 2005, Pandey 2001). Furthermore, there are
papers that address abnormal returns surrounding M&A within specific regions. Shah & Arora
(2014) measures the effects of M&A on abnormal returns of both bidder and target firms in the

Asian-Pacific market. Yet, none of these papers address how the calculation of beta for the
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combined entity may be influenced by the betas of the two prior entities, nor do they address the

time window in question. Additionally, this paper seeks to broaden the scope of past literature to
investigate if returns of post-merger firms are more correlated to bidding firms, as opposed to a
pure weighted average based on enterprise value. In other words, this paper questions whether
the expected returns of combined firm are equal to the actual returns by exploiting a theoretical

“portfolio of betas™.

Secondly, this paper seeks to contribute to existing literature surrounding the behaviors of
firm beta following a merger or acquisition. While it is not the first paper to address changes in
beta activity following M&A activity, it does investigate new areas. Hackbarth and Morellec
(2008) prove that prior to the announcement of a merger, when the acquiring firm has a higher
(lower) beta than its respective target, it experiences a run-up (run-down) in beta followed by a
clear drop (rise) in beta at the time of announcement. Fos and Yang (2020) find that the effects
of negative stock market index returns on all-equity deals are stronger for high acquirer market
betas than that for deals with low acquirer market betas, reporting statistical significance in lower
chances of deal completion, decreased bidder CAR, and decreased target CAR. Furthermore, Fos
and Yang report that lower abnormal returns among acquirers and targets in all-equity deals are
more likely to reflect changes in expected M&A synergies rather than abnormal sensitivity to
macroeconomic conditions. | add to this literature by isolating the behavior of combined firms
after the closing of the merger rather than after the announcement, and further by observing
behaviors across both negative and positive index return windows as well as across all different

methods of payment.
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Finally, this paper will contribute to general knowledge regarding the behavioral changes

of firm beta in the event of M&A.. Since the derivation of theory surrounding mean-variance
approximations to expected utility (Markowitz 1952, 1959), abnormal returns of assets have been

modeled by a positive, linear regression where beta serves as the regression slope.
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Figure 2-2: Model of the Security Market Line

Source: Researchgate

Bill Sharpe furthered this theory with the development of the capital assets pricing model
(1964), which shows that the expected return of any security is equal to the sum of the risk-free
rate of return and the product of the market risk premium and the security beta. In other words, it
shows that expected returns have a direct relationship with beta. The theory proposed by Sharpe
was expanded upon by John Linter (1965), who generalized the model saying that risk
optimization did not just apply to individual portfolio theory, but also to corporations’ decisions
to issue stock, serving as a significant extension from the theory made famous by Modigliani &

Miller (1958). This was further refined by Fischer Black (1972), in which he explicitly defines



the market beta of any asset as a function of the return on asset i and the return on the market.
The beta of an asset is derived by the covariance between the return on the asset and the return

on the market divided by the variance of the market.

s _ cov r?, n)
! var(rs)

This foundation for systematic risk with relation to capital structure was laid by the two
famous papers published by Modigliani & Miller (1958 & 1963) on capital structure irrelevance
theory. The findings of the paper resulted in two fundamental propositions. Proposition | states
that firm value is independent of capital decisions, implying that firm value is derived from
assets, not capital structure (assuming a perfect capital market absent of asymmetric information,
transaction costs, bankruptcy costs, and taxation). Proposition 11 claims that increases in leverage
increases firm risk of bankruptcy, thus increasing the firm’s cost of equity and cost of debt.
However, the fraction of debt versus equity in the capital structure change dramatically, thus
resulting in a net-zero effect on the weighted average cost of capital (WACC). MM (1963)
refines the theory to include the effects of taxes, indicating that firm value increases as the
amount of debt increases in the capital structure. This is due to the rising magnitude of the tax
shield resulting from tax deductibility on debt interest payments. This proved that the cost of
capital would fall proportionately to the amount of debt increase that is realized within a firm’s

capital structure, as shown in Figure 2-3.
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Figure 2-3: MM Capital Structure Theory

Source: Kaplan Knowledge Bank

Thus, a new calculation for asset beta was derived in order to calculate the systematic risk
at the firm level, indicating that the beta of any firm is a function of its debt beta £, equity beta

BE, and debt-to-equity ratio where t,. is the effective tax rate.

B D(1— t.) E
Pa= lD(l— t.) + ElBD+[D(1— t.) + E]’BE

These propositions laid the groundwork for the distinction between unlevered and levered
beta, which is essential in evaluating the variance in stock returns relative to the market. Hamada
(1972) proves that value and size premiums can be attributed to differences in leverage and that

these leverage differences are not reflected in equity betas. Thus, the Hamada equation indicates
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that the unlevered beta of a firm is a function of the firm’s equity beta, but removes the effects of

leverage from the capital structure.

This further assumes that the debt beta of the firm is zero. While this is unlikely, it is
widely true that debt betas are very low in relation to equity betas, and therefore, debt systematic
risk is usually negligible within the overall systematic risk of the firm. Given that M&A activity
can have significant effects on many of these properties, this study attempts to draw conclusions
about beta in order to see if the combined firm beta will be proportionate to the subsidiary

enterprise values.

In the next section, | will discuss the data compilation and methodology that was used to

conduct my experiment.
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Chapter 3

Data & Methodology

This section serves to explain the chosen sample of data and the methodology that was
used within the analysis. The section will define the source and application of the data used in
the study, explain the specifics behind the application of said data, and address specific changes
that were made to the data in order to control for certain variables that could skew the empirical

results.

My measure of systematic risk is derived first by calculating a top-down equity beta.
Monthly stock return data since January of 1980 was used (as opposed to daily) in order to
smooth returns and to avoid abnormal trading, such as Black Swan events. This data set was
further restricted to only include data that was obtained through the Wharton Research Data Base
(WRDS) CRSP U.S. stock dataset. Additionally, the set was restricted to equities that trade on
exchanges residing in the United States in order to avoid the effects of varying international
measurements surrounding equities trading as well as inconsistent global regulations regarding

the completion of mergers and acquisitions.

This provided the foundation needed to calculate systematic risk for each company
among the observations. | then merged this data with corresponding monthly market data
obtained from Kenneth French’s Data Library at the Amos Tuck School of Business, Dartmouth
College. The calculation for excess return on the market includes all publicly traded equities on

the NYSE, AMEX, and NASDAQ.
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Ryt — Rp = a; + bi(Rye — Rpt) + et

For the purpose of this paper, the equity beta calculation is most concerned with the
month-end excess return on the market R;; — Ry where R;; represents the monthly return on a
given index and R, represents the monthly risk-free rate of return. Stock return data was
adjusted to account for months ending on non-trading days. With this data, | was able to
calculate a measure of equity systematic risk for stock specific returns relative to the market,

which will be defined as beta p.

The equity beta of each firm was then calculated by inputting 36-month, rolling stock
returns, coupled with the corresponding market risk premium, into a regression. Monthly stock
return data begins in January of 1980 while calculated betas begin in January of 1983. | used
rolling stock data in order to capture correctly updated excess returns to accurately correspond

with the market return.

cov (r?, 1)
var(ry,)

B =
Following my calculation of equity beta for each standalone company, I then calculated
the unlevered asset beta of each company using the Hamada equation, reflecting the Modigliani-
Miller / CAPM relationship, in order to remove any effects of leverage in the capital structure.
The decision to remove leverage was made due to the fact that many firms in the data set had

vastly different capital structure profiles. Therefore, by removing leverage, the estimate would be
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far more comparable across several different industries. Furthermore, | used adjusted liabilities

for my calculation of debt in the capital structure due to the inconsistency of reported liabilities
among the firms in the dataset. Adjusted liabilities removes the effects of other liabilities from

total liabilities.

| then calculated the unlevered betas of the combined firms following M&A activity
using data obtained from the SDC Platinum deal database using the same process. The SDC data
includes only deals that involve publicly-listed U.S. targets and publicly-listed U.S. acquirers.
Furthermore, in order for the deal to be included into the final sample, the deal must have been
completed. This decision was made to negate any deals that were announced yet not completed,
which would potentially skew the results given that the betas of the standalone subsidiaries

would theoretically not change if the deal was not executed.

With all of the unlevered betas now calculated, I constructed a formula for weighted
average in order to get the weighted average beta for the two standalone entities if they were to
be synthetically merged. This will serve as the expected beta of the combined firm. With data
obtained from COMPUSTAT in the Wharton Research Database, | calculated a weighted
average based on firm enterprise value. Enterprise value for firm i and the weighted average

were calculated as follows:
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EV; = Assets — Equity + Market Cap?

Weighted A Bt—( EVa ) +( EVr )
eighted Average Beta = gy —=pp- ) Ba + \gy— gy ) r

| then compared the returns of the combined entities for the 36-month period following
the closing of an M&A deal with the weighted-average of the two standalone firms. Matching
standalone and combined firms was done using PERMNO identification in order to compare the
returns of the standalone with the returns of the combined entity. The decision to calculate
combined entity betas using equity returns after deal closing, as opposed to after deal
announcement, is because the target firm does not legally become absorbed by the acquiring firm

until the deal has closed. As mentioned, this could yield false data pointss.

Empirical Strategy

Once unlevered betas were obtained for the standalone acquirer, the standalone target,
and the combined entity, I ran several regressions. The objective of the regression analysis is to
test the statistical significance of the difference between the actual beta of the combined entity
and the weighted average beta of the two standalone subsidiaries. Stata software was used to run

all regressions.

2 COMPUSTAT code ATQ for assets and LTQ for liabilities
3 See Appendices A & B for dataset changes from the beginning of the study until the end.



In order to test this inquiry, the following hypothesis was adhered to:

Ho: Be = (g ) Ba + (55 7 ) Br

EV,+ EVy EV,+ EVy
H.- ¢< EV, ) 4 ( EV, )
1 fe EV,+ EV; Ba EV, + EV, Br

This hypothesis tests whether or not the actual beta of the combined firm is equal to the
expected beta of the two subsidiaries when combined using a weighted average, where

B represents the actual empirically observed beta of the combined firm. EV, and 8, represent

the enterprise value and the beta of the target firm, respectively.
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the enterprise value and the beta of the acquiring firm, respectively, while EV, and S represent

If the actual beta of the combined firm S, is equal to the expected weighted average beta

of the subsidiaries, then the null hypothesis will be accepted. If the actual beta of the combined

firm g is not equal to the weighted average, then the null hypothesis will be rejected. This

the two firms prior to the takeover announcement.

Regression Analysis

hypothesis was chosen due to the expectation that the beta of the “portfolio” of the acquirer and

target firms following the completion of the takeover should equal the weighted average betas of

Four different regressions were used to test this hypothesis. Below are the mathematical

equations for the regression where Beta_Dif f is the difference between the expected beta of the



combined firm and the actual beta of the combined firm and the subscript FE denotes a fixed

effect. Table 3-1 serves as the summary statistics for the regression output.

(1) Beta Diff = ay + p,Acquirer_Beta + 8, Target_Beta + ¢

(2) Beta Diff = ay + p,Acquirer_Beta + f8,Target_Beta + Yeargg + ¢

(3) Beta Diff = ag + B Acquirer_Beta + jB,Target_Beta + Yeargg +

Target_Industrygg + ¢

(4) Beta Diff = ay + p,Acquirer_Beta + f8,Target_Beta + Yeargy +

Target_Industrygg + Target_IndustryYeargg + ¢

15

Variable Mean Std Dev Median p25 p7S # Observations
Acquirer beta  0.761 0.851 0.555 0.195 1.051 1,623

Table 3-1: Summary Statistics



Chapter 4

Results

16

The data and corresponding regression analysis offer results that are contrarian to the

original hypothesis. As seen in Table 4-1, the regression output indicates that the relationship

between the weighted average beta of the bidding and acquiring firms and the post-acquisition

beta of the firm are not the same, thus rejecting the null hypothesis. In fact, the results appear to

support the hypothesis that post-acquisition betas are more heavily influenced by the standalone

target company, rather than the standalone bidding company.

Weighted-Average Betas

1)
Post-Acquisition B
minus Wtd. Avg.

)
Post-Acquisition
minus Wtd. Avg. B

3
Post-Acquisition B
minus Wtd. Avg. B

Q)]
Post-Acquisition B
minus Wtd. Avg. B

Acquirer B -0.4116%** -0.4231%** -0.5402%** -0.6598***
(0.0562) (0.0503) (0.0578) (0.0794)
Target 3 -0.0053 0.,0028 -0.0552 0.0031
(0.0376) (0.0386) (0.0355) (0.0486)
Year FE No Yes Yes No
Target Industry FE No No Yes No
Year x Target Industry FE No No No Yes
Observations 1,623 1,623 1,478 892
R-Squared 0.259 0.297 0.456 0.601

Notes: *** p<0.01, ** p<0.05, * p<0.1

Table 4-1: Weighted-Average Betas
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In all of the tests that were performed, | find that the difference between the post-

acquisition beta and the weighted average beta of the two firms with the standalone company
betas and find that the regression coefficient is actually more negative for the acquiring company
than it is for the target company. This can be seen in Figure 4-1, which shows the correlation of
the sample data for acquiring and target companies relative to the combined firm. Figure 4-2

shows the post differentials relative to year.

3
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Figure 4-1: Expected vs. Actual Betas
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Figure 4-2: Beta Differential Distribution by Year

This implies that the difference between the actual post-acquisition beta and the more
theoretical weighted average beta is more directly related to the target and less to the acquirer.
The first part of this chapter will serve to describe the different types of OLS regressions that

were administered while the latter part of this chapter will discuss potential causes of the results

that were realized.

18
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OLS Regression — No FE

The first test (1) that was run was an ordinary least squares regression with no fixed
effects. This was done to get a baseline relationship between the variables. The data in each of
the following regressions was Winsorized, which replaces some of the outlying and extreme
values in the dataset with more standardized values at the edges of the 95% confidence interval.
Using the 1,623 observations that were matched in the dataset, the regression returned a negative
coefficient between the acquirer’s beta and the difference equation, at the 1% significance level.
The regression also indicates that the coefficient between the target beta and the difference

equation is not statistically different from zero.

OLS Regression — Year FE

The second test (2) that was run was an ordinary least squares regression with a fixed
effect for the year of the M&A deal. As has been extensively researched, mergers and
acquisitions happen in waves given specific market conditions (Ahern and Harford 2014)a4.
Therefore, it is necessary to test the causal relationship without the influence of aggregate
macroeconomic variables related to specific time periods. For example, excess stock returns
surrounding M&A deals during the dot-com boom in the late 1990s will be different from those
of M&A deals during the 2008 financial crisis. In order to remove the effects of market
conditions related to time, this regression adds a “dummy” variable that captures these effects.
Using the 1,623 observations that were matched in the dataset, the regression returned a negative

coefficient between the acquirer’s beta and the difference equation, at the 1% significance level.

4 See Appendix C for the number of M&A deals per year in the final dataset.
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The regression also indicates that the coefficient between the target beta and the difference

equation is not statistically different from zero.

OLS Regression — Year FE & Industry FE

The third test (3) that was run was an ordinary least squares regression with fixed effects
for both year and for the four-digit SIC industry code of the target company. It is important to
control for differences in industry among the data set due to the fact that M&A volume can be
concentrated within specific industries at different times. Using the late 1990s again as an
example, M&A deals were far more heavily concentrated in the technology sector than in any
other. Therefore, this regression uses an industry “dummy” variable and the year “dummy”
variable used in the previous regression. Using the 1,478 observations that were matched in the
dataset, the regression returned a negative coefficient between the acquirer’s beta and the
difference equation, at the 1% significance level. The regression also indicates that the
coefficient between the target beta and the difference equation is not statistically different from

Zero.

OLS Regression — Year Industry FE

The fourth test (4) that was run was an ordinary least squares regression with a year x
target industry fixed effect. This is different from the previous regression due to the fact that this
effect controls for variance among industries within given time periods as opposed to controlling
for each variable separately. Using the 892 observations that were matched in the dataset, the

regression returned a negative coefficient between the acquirer’s beta and the difference
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equation, at the 1% significance level. The regression also indicates that the coefficient between

the target beta and the difference equation is not statistically different from zero.

Potential Explanations for Results

There is no one explanation for the results of this experiment that can be directly singled-
out as the main driver. Furthermore, there are few tests that currently exist that can test the true
driving factor of these results. However, there are several interesting possibilities that could
explain that the surprising results of these tests, which are mainly concerned with behavioral

biases that could skew the results.

The first explanation is that the target is influencing firm performance through a “new
toy” effect. Schoar (2002) proves that conglomerate (acquiring) firm stock prices are negatively
affected by a net decrease in productivity caused by acquisitions. This is a result of increased use
of resources and focus on the newly acquired subsidiary, which in turn diverts attention from the
incumbent subsidiary. Therefore, this could potentially cause the conglomerate firm’s systematic
risk (beta) to more-closely correlate to the newly-acquired target subsidiary rather than the

incumbent subsidiary.

Another potential explanation is increased salience that is derived from the deal
announcement or completion. Frydman and Wang (2019) find that the disposition effect, a

behavioral finance anomaly where investors tend to realize gains faster than lossess, is increased

5 Closely related to prospect theory (Kahneman & Tversky 1979)
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when a firm experiences a salience shock (i.e. an M&A deal). This could potentially cause

investors to more-heavily weight the target valuation when analyzing the conglomerate’s overall

firm value.
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Chapter 5

Conclusion

In conclusion, the effects of mergers and acquisitions on excess stock returns and beta are
still being widely explored within the academic community. The purpose of this paper was to
contribute to existing literature surrounding the behavior of firm-wide betas before and after a
merger or acquisition. This empirical study specifically challenged the notion that the beta of a
combined firm would be same as the theoretical weighted average beta of the two standalone
entities proportional to firm enterprise value. The study was conducted by calculating firm betas
for the bidding, target, and combined firms using 36-month rolling monthly stock return data and
monthly market return data. Weighted averages were then constructed using balance sheet and
market value of equity data for each firm as a proxy for size. The analysis was conducted by
regressing the difference between the actual and expected betas of the combined entity with the

beta of each standalone subsidiary to look for positive and negative relationships.

The results indicate an interesting relationship. While the original hypothesis was that
firm-wide beta of a combined entity would be more heavily influenced by the acquiring company
(represented by a positive regression coefficient in the data), the results indicate that firm-wide
betas are actually more strongly influenced by the target firm. There are several potential reasons

behind this relationship including a potential “new toy” effect or increased salience due to M&A.

The conclusions drawn by the results of this paper provide the foundation for an
interesting argument within the community of finance. For one, beta is an important measure of

systematic risk that can help to predict returns for portfolio managers. By understanding the
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behavior of company returns surrounding mergers and acquisitions, portfolio managers can

better predict the returns of these companies. Furthermore, these results also contribute to
existing literature surrounding the effects of mergers and acquisitions on returns. Therefore, both
analysts and company management can better understand and predict the effects that M&A

activity will have on future enterprise profitability.



Appendix A

Entire Dataset - Number of M&A Deals per Year
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Year Frequency Percent Year Frequency Percent
1978 18 0.05 1999 1701 4.76
1979 16 0.04 2000 1487 4.16
1980 30 0.08 2001 1243 3.48
1981 232 0.65 2002 1021 2.86
1982 268 0.75 2003 1006 2.81
1983 445 1.24 2004 980 2.74
1984 630 1.76 2005 996 2.79
1985 670 1.87 2006 994 2.78
1986 779 2.18 2007 909 2.54
1987 705 1.97 2008 753 2.11
1988 775 2.17 2009 688 1.92
1989 983 2.75 2010 608 1.70
1990 965 2.70 2011 631 1.76
1991 980 2.74 2012 638 1.78
1992 1034 2.89 2013 570 1.59
1993 1117 3.12 2014 643 1.80
1994 1404 3.93 2015 641 1.79
1995 1574 4.40 2016 576 1.61
1996 1732 4.84 2017 575 1.61
1997 2012 5.63 2018 467 1.31
1998 1985 5.55 2019 274 0.77
Total 35755 100.00




Appendix B

Final Dataset - Number of M&A Deals per Year
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Year Frequency Percent Y ear Frequency Percent
1983 10 0.62 1999 125 7.70
1984 17 1.05 2000 102 6.28
1985 25 1.54 2001 97 5.98
1986 28 1.73 2002 54 3.33
1987 31 1.91 2003 78 4.81
1988 14 0.86 2004 61 3.76
1989 26 1.60 2005 66 4.07
1990 21 1.26 2006 57 3.51
1991 20 1.23 2007 66 4.07
1992 10 0.62 2008 32 1.97
1993 21 1.29 2009 37 2.28
1994 57 3.51 2010 42 2.59
1995 64 3.94 2011 34 2.09
1996 64 3.94 2012 38 2.34
1997 103 6.35 2013 35 2.16
1998 110 6.78 2014 43 2.65
2015 35 2.16
Total 1623 100.00
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Appendix C

M&A Distribution per Year
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